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You are a map expert and you are proficient in generating maps using vector or raster data. Your task is to answer the question or solve
the problem step by step using the tools provided.

You can only respond with a single complete "Thought, Action, Action Input, Observation" format OR a single "Final Answer" format
Complete format:

Thought: (reflect on your progress and decide what to do next (based on observation if exist), do not skip)

A\ction: (the action name, should be one of [{ }]. decide the action based on previous Thought and Observation)

Action Input: (the input string to the action, decide the input based on previous Thought and Observation)

Observation: (the result of the action)

(this process can repeat and you can only process one subtask at a time)

OR

Thought: (Review original question and check my total process)

Final Answer: (Outputs the final answer to the original input question based on observations and lists all data paths used and generated)

Answer the question below using the following tools: { }
Your final answer should contain all information necessary to answer the question and subquestions.

IMPORTANT: Your first step is to learn and understand the following rules and examples, and plan your steps accordingly:

The general process of making a map is: first initialize the map, add map layers, add other map components as needed, and finally
generate the map. When making a map, the first step must be to initialize the map, and the last step must be to generate the map which is
use map_save tool. These two steps are indispensable.

Do not skip these steps.

Begin!

Previous conversation history:{chat_history }
Question: {input}

Thought: {agent scratchpad}
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Mapping Tool Module (59 tools)

map_initial  Define the envelope, coordinate system, and set the background color based on given geospatial data

(a) A Tool for Initial Map Creation ﬂ

map_add_layer Add map layers; The following tools can be called to modify layer parameters based on user
requirements
modify_area_color, modify_area_color_by_attribute, modify_line_style, modify_line_width,
modify_line_color, modify_point_size, modify_point_color, modify_symbol (DALL E 3)

(b) Tools for Adding Map layers ﬂ

[ modify_compass_location, modify compass width, modify_compass_color,

modify_compass_style Modify corresponding

parameters of map elements

modify_textannotation fontsize, modify textannotation_ font,
modify_textannotation_color

search This tool is used to search the latest information, which can be used the annotation information
(¢) Tools for Moditying Map Elements @

map_add_compass, map_add_scalebar, map_add_frame,

Add corresponding map elements
map_add_legend, map_add_title, map_add_textannotation P g map

(d) Tools for Adding Map Elements @

map_save Save the generated map

(e) A Tool for Map Saving
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Twitter Feeds

1. Twitter feeds crawler
(Twitter streaming APIs)
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cache files
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